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Feature Extraction and Fine-grained Sentiment Analysis for
Online Customer Reviews: from Perspectives of Deep Learning

and Hierarchical Clustering Method
MA Baojun?, CHEN Lu !, WAN Yan !
(1. School of Economics and Management, Beijing University of Posts and Telecommunications, Beijing
100876, China)
Abstract: With the rapid development of e-commerce, online shopping has become an indispensable part of people's life. The

contents of online customer reviews on e-commerce platforms are playing an increasingly important role for both consumer

purchase decisions and sellers’ improvements of goods and services. Hence, how to extract relatively completed features au-

tomatically, efficiently and effectively from a large amount of online customer reviews and conduct fine-grained sentiment

analysis, has attracted increasingly concerns of information service providers. In view of this, this paper proposes a novel ap-

proach to automatically extract features for online customer reviews and conduct fine-grained sentiment analysis, in which

through the application of syntactic analysis model to extract candidate feature words and their corresponding semantic rela-

tionship, we utilize word vector model named word2vec to train and obtain the word vector for each word in the corpus, and

conduct hierarchical clustering on candidate feature words to get the commodity attribute dimensions, and then calculate the

emotional intensity for all dimensions of the commodity attributes. Finally, this paper conducts comprehensive real data ex-

periments on real online customer reviews of all the gaming laptops on Tmall.com to verify the rationality and effectiveness for

our proposed method.

Key words: Feature Extraction; Fine-grained Sentiment Analysis; Hierarchical Clustering; Deep Learning; Emotional

Intensity
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